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ABSTRACT

Chaos compressive sensing is an important development direction of compression sensing.
It is based on the good characteristics of the chaotic system, and the chaos observation matrix
is constructed by the chaotic sequence to complete the compression sensing process.
In this article, the chaotic observation matrix is developed based on the chaotic observation
matrix, and the proof of the chaotic observation matrix (RIP) is given. The optimal solution
under the low computational complexity is determined by statistical method. So are the
sampling step and the optimal construction method of chaotic observation matrix. The security
of chaotic observation matrix is evaluated. The experimental results show that the chaotic
observation matrix can resist the ciphertext-only attack, and the optimized construction method
has improved the algorithm speed, storage space and reconstruction effect.
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